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Abstract. This paper presents a method to solve non-stationary random responses of nonlinear multi-degrees-of-freedom (MDOF)
Duffing systems subjected to evolutionary random excitations. Specific phase-lags between the excitations can also be taken into
account. The power spectral density (PSD) of the input excitations is not confined to simple white noise or filtered white noise, in
fact it can also take more complicated forms. The MDOF nonlinear random differential equations are iteratively solved by means
of the Equivalent Linearization Method (ELM) combined with the Pseudo Excitation Method (PEM). This combined method is
easy and efficient. Two examples are given in which this method is well justified by the Monte-Carlo numerical simulations.
Although only a Duffing model is dealt with in this paper for computational simplicity, the proposed method is in fact quite
general, e.g. it can also deal with nonlinear hysteretic structures that will be dealt with in a separate paper.

1. Introduction

The response of many real structural systems subjected to external random excitations can be described by
nonlinear random differential equations. In general, approximation methods have to be used to solve such nonlinear
equations. Only in very few cases can an exact solution for stationary response be found in closed form. Although
the non-stationary random response analysis of MDOF nonlinear systems is much more difficult than such problems,
some pioneering work has laid a good foundation in this field [1-11].

One of the most popular methods used in the study and engineering applications of nonlinear random vibration
problems isequivalent linearization, particularly if the random excitations are stationary. For nonlinear systems
subjected to non-stationary random excitations, however, the equivalent linear systems are time-dependant, its
solution is still not so easy. In particular, if the excitations are not uniform, i.e. phase lags exist between the
excitations, the solution will become more difficult.

It is well known that for an arbitrary nonlinear system subjected to stationary random excitations, an equivalent
time-independent linear system can be found readily based on the least-quadratic criterion. If the nonlinear system
is instead subjected to non-stationary random excitations, then at any time t, an equivalent linear system can be
found similarly based on the least quadratic criterion. And based on this idea, a nonlinear SDOF (Single Degree of
Freedom) system subjected to a non-stationary random excitation is solved iteratively [11], wherein the analytical
solution of the time-dependent mean-square response for the linear time-independent system must be available.
Therefore its application field is limited.
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In this paper, thegseudo excitation method (PEM) [12-16] is extended to solve the non-stationary random
responses of MDOF Duffing systems subjected to evolutionary random excitations. It is not necessary to know
the analytical expressions of the time-dependent mean-square responses for the linear MDOF time-independent
system, therefore the proposed method is not confined to structures subjected to white-noise or filtered white-noise
excitations. In addition, phase-lags (or time-lags) are permitted between the excitations.

Two examples are given in which the Monte-Carlo simulation is used to justify the proposed method.

2. Linear systems subjected to evolutionary multi-phase random excitations

Consider a linear structure subjected taeaol utionary random excitation

[M{g} + [CH{y} + [K{y} ={P}f(t) @)
in which
f@t)=g@)z(t) 2

g(t) is a given slowly varying modulation function, whil€t) is a zero-mean-valued stationary random process of
which the auto-PSI¥ . (w) is also known. The PSD curve ¢{t) has constant shape, however its amplitude varies
with g(¢). In other words, a stationary random proce&s is modulated by a deterministic functigiit). In order

to compute the PSD matrices of two arbitrary response ve¢idts} and{z(¢)}, the following pseudo excitation
should be used [13,15]

F(t) = g(t)\/Spa(w)e™ o
Under the action of this deterministic loading, the equations of motion Eq. (1) of the linear structure are
[M{ij} + [C){5} + [K){y} = {p}g(t)\/Sau(@)e™! "

in which [M], [C] and [K] are time independent mass, damping and stiffness matfpéds a given constant

vector. For seismic problems, the structure is initially at rest, nanieyy = {90} = {0} whent = 0. Thus the
time-histories of two arbitrary responses of interest, denoted.as) andz(w, t), can be computed in terms of the
Newmark, Wilsond schemes or therecise integration method [15] with w regarded as a parameter. It has been
verified that [13] the auto- and cross-PSD functions of these responses can be accurately computed by using the
following equations

Syy(w) = y(wvt)*y(w7t) = |y(w7t)|2 (5)

Syz = y(wvt>*z(wat) (6)

If the interested responses are two vectors, denotég(as} and{z(t¢)}, the corresponding time histofy/(w, t)}
and{z(w, t)} should be solved from Eq. (3) before the following equations are used to give their accurate auto- and
cross-PSD matrices [13]

[Syy(@)] = {y(w, )} {y(w, )} (7)

[Syz ()] = {y(w, )} {=(w, )} (8)

It has also been verified that if the precise integration method [15,17] is used in solving Eq. (4), the efficiency
would be much higher than using Newmark method.
If the random excitatiorf (¢) in Eq. (2) is a vector, specific time-lags exist between all its components, then
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Fi(b) arg(t —t1)F(t —t1)
th a t—tQFt—tQ
)= ;( ) = . ) ( )
F, (t) ang(t - t”)F(t - t") (9)
arg(t —t1) B(t—t)
a t— t2 F(t — t2
~ [GOHF®)} = S o

ang(t —ty,) F(t—t,)
inwhicha;(j = 1,2,...,n) are given non-negative real numbers, o, ..., t, represent the time lags between
the forces applying on different points of the structure, = 0 means no load applies on the k-th DAFt)

is a stationary random process, its auto-P$h-(w) is known. Using Wiener-Khintchine formula and denoting
T =T — T} gives

F(Tk — tl)F(’Tl — tl)
F(Tk — tQ)F(’Tl — tl)

F(ry —t)F(m —t2) ... F(mp —t1)F (1 — t,)
E[{F(Tk)}{F(Tl)}T] —E F(r, — tz).F(Tl —t9) ... F(mx — tz)_F(Tl —tn)

F(katn)F(’Tl 7t1) F(’katn)F(Tl*tQ) F(’katn)F(Tl*tn)

1 eiw(tlftg) . eiw(tlft”)
0o eiw(tg—tl) 1 o eiw(tz—tn) 4
= / . ) e“TSpp(w)dw (10)
— 00 . . . .
ciw(tn—t1) giw(tn—ta) 1
_ / VI RO V]T ™" S g (w)do
in which
[V] = diag[e ™ e7 ™2 e~ Win) (11)
11...1
- 11...1
[Ro] = {qo}{q}" = . (12)
11...1

herein[Ry] and{qo } are matrix and vector with all elements be unity.
Assume thafy(t)} is an arbitrary response vector due to the excitafifft) }, then

o) = [ e - s = [ it = DG E)ar (19
0 0
If {yx(tr)} and{y;t;)} are two kinds of response vectors, then their cross-correlation matrix would be

[Ryv (tes ti] = El{y(te) Hye (01)} 7] :A A [hie(te = 7)[G ()| ELLE (i) }H{F ()}

(G [ha(ts — 7)) " dridmy
Substituting Egs (10), (11) and (12) into Eq. (14) gives

(R t5.00] = [ L )T S () de (15)

in which

(14)
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Uy
Ik (w,tk) = / [hk (tk — Tk)] [G(Tk)][v]{qo}eindek (16)

0
Itis known from Eq. (15) that whety, = ¢; = ¢, the cross-PSD matrix dfy; } and{y;} is

[S’yk’yz (wvt)] = {Ik(w7t)}*{ll(wvt)}TSFF(w) (17)

It is also known from Eq. (16), thal,(w,t) is the transient response due to the deterministic excitation
[G(t)][V]{qo}e™*. Therefore by using the following pseudo excitation

gt —t1)aje "t
g(t — ta)age iz

{f®)} = [GO[V{ao}V/Srr(w)e™ = : et/ Srr(w) (18)
gt —tp)ape “win

the resulted response must be

{ye(w, te)} = {In(w, D}/ Spr(w) (19)
Therefore, according to Eq. (17), one obtains

[Syrn (@, )] = {yn(w, )} {yu(w, )} (20)
Letk = [, Eq. (20), gives the auto-PSD matrixj }.

[y (@, )] = {yn(w, 1)} {yn(w, )} (21)

By neglecting the subscrifit, Eq. (7) is obtained. For two responsggt)} and{z(t)}, just follow the above
process, Eq. (8) can also be derived.

3. Duffing systems subjected to evolutionary multi-phase random excitations

The nonlinear equations of motion can be written as
[MI{Y} + [CHY} + [K{Y} + {9} = {f ()} (22)
in which {g} represents the nonlinear property of the structure. For the MDOF Duffing system as shown in Fig. 1,
{g} has the following form

M1k1$§ - M2k2$§

pokoa3 — paksrs

{9} = : (23)
,Un—lkn—lxi—l - /Jnk?nl‘,i

3
Hn kn In

x Y1
T2 Y2 — U1

{z}=9 . ¢ = : o A =z} (24)
Tn Yn — Yn-—1

{z} is the story drift vector{x} is the vector which characterizes the intensity of system non-linegyity) } is a
zero-mean-valued evolutionary random process.
According to the least quadratic criterion [7-9], the nonlinggrterm can be linearized as

{9} = K.Y} (25)

where[K ,(t)] is a time-variant tri-diagonal symmetric matrix which relies on the time-variant structural responses:
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f, (1) — m,
K.,.C., 0,

f,(t) — O m,
k,,c,,0,

f,(t) —COm,
k,,c,, 0,

U R,

Fig. 1. Shear type MDOF Duffing system.

piky Bla (t)] + poka Elz3(t))] — poko Elx3(t)] 0
poko E[23(t)] + psksE[23(t)] — psksE[z3(t)]
Sym fin—1kn-1Elzy_; ()] + pnkn B[z} (1)) — pnkn B2 ()]
unknE[xi ()]
At any timet,
mﬁ@ﬂ:/ Se,(w,t)dw (i=1,2,...,n) (27)
It can be computed conveniently according to PEM:
Bl =2 [l Pdo=2 [ n(w.t)Pde
0 0 (28)

Elz2(t)] = 2/ (i (w0, ) 2w — 2/ i@, 1) — gi1(w, D)Pdw i =2,3,....m
0 0
Equations (22), (25), (26) and (28) constitute a closed iteration ring from which the non-stationary solution at time
t of the equivalent linear system can be computed. When the displacement variance at {ifilg*(¢;]}, has been
obtained, this response at the next titne;, { E[y*(¢,4+1)]}, can be computed by means of the following steps:

(1) Taket =t;4+4 in Eq. (18);

(2) Let{g} = 0in Eq. (22), computdy(w,t,+1)} over a series of significant frequencies using a time-history
method such as Newmark method;

(3) Compute the mean-square valug oft ;1) } by using Eq. (28);

(4) Computg K, (t;+1)] according to Eq. (26), which will be assembled into the stiffness mgkijof Eq. (22)

(5) SolveEq. (22)fofy(w,t;4+1)} overaseries of significant frequencies, repeat steps (8) until {y(w, t j+1)}
converges;

(6) Compute the PSD vectdiS,, (w,t;+1)} and mean square value vec{d® [y (¢;+1)]} from {y(w,t,;41)} at
time thrl .

Clearly, in the above steps, the analytical expressions of the time-dependent mean-square response for the
equivalent linear MDOF time-independent system need not be known, therefore this method applies not only to
structures subjected to simple white-noise or filtered white-noise excitations, but also to structures subjected to more
complicated random excitations. It can also be seen from Eq. (9) or Eq. (11) that the proposed method permits
phase-lags (or time-lags) existing between the excitations.
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4. Monte-Carlo simulation
4.1. Sampletime history curves

A uniformly modulated evolutionary random process with the forny @f in Eg. (2) can be simulated by the
following expression [16,18,19]

N
Fus(t) = g(t) Y Ay cos(wit + o) (29)
k=1

in which

Aw = (wy —w)/N, A7 =48;p(wr) - Aw
X k Ir (30)
wr=w; + (k— §)Aw, k=1,2,...,N

w; andw,, are the lower and upper bounds of the frequency regiqris a random real number uniformly distributed
in the region [0, 2].

Form fully coherent evolutionary random excitation§) (¢)(i = 1,2, ..., m), if specific phase-lags exist between
all its components, then these excitations can be simulated by the following expression [16]

N

) = g(t) Z Ay cos(wit + witi + k) (31)
k=1

When N is sufficiently large f32 (¢)(i = 1,2, ...,m) simulates the fully coherent random procgs8 () with
invariant time-phases[16].

4.2. Numerical simulation for nonlinear systems

Provided the equations of motion of a nonlinear dynamic system is
MY +G(Y,Y) = F(t) (32)

in which G(Y', Y) is the nonlinear term.
The simulation process for the nonlinear system is as follows:

(1) Substitute an excitation according to Eq. (29) into the right hand side of Eq. (32), compute the displacement
vectors{Y'} at a series of time points by means of a time history method; For the displacement values corre-
sponding to each element in the vectdt} at a series of discrete time points, the Fast Fourier Transformation
(FFT) scheme is used to obtain the PSD values at a series of frequencies which

(2) will then be used to compute the PSD vediSk-y (w)} of the displacement vector at these frequencies.

(3) Integrate the PSD vectdiSyy (w)} in the effective frequency region to obtain the corresponding response
variance§c? }.

(4) The above steps (3)3) are repeated for a large amount of excitation samples to generate corresponding
{02} samples, and the statistics.

For nonlinear equations, iterations must be executed at each time step. The statistics of the responses at any
arbitrary time will then be computed by means of the assemble average of a great deal of response samples.
It is noted that the time step size must be small enough to ensure the integration precision [18,19].



J.H. Lin et al. / Non-stationary random response of MDOF Duffing systems 621

3 2.5

1.5 F )

. L Y1

Standard deviation (cm)
&
T
Standard deviation (cm)
Q

[ + Monte-Carlo .5 « Monte-Carlo
8.5 PEM r —PEM

I/ @ o b b e b b
A D R 8 5 10 15 20 25

Time(s)

(a) T=0 (b) T=1.0

Fig. 2. Displacement standard deviation comparison using PEM and Monte-Carlo method.
5. Numerical examples

Example 1. Two DOF Duffing system

Consider a 2 DOF shear-type Duffing system, with = mo = 1000 kg, k1 = 150 kN/m, ks = 100 KN/m and
o — [ 440 =120
1= [—120 260

fi(t) t)x(t)
r®r = {fg(t)} = {ggﬂ T)a(t + T>} 33)

in which T is the time-lag betweeffi, (¢) and f2(¢). The PSD functions of(¢) and f»(t) are equal to each other,
and both will simultaneously take one of the following forms:

] see Fig. 1, which is subjected to the following evolutionary random excitations

1) Sp1(w) = Sp = 2.5 x 1073 (KN?s); or (34)
2) Sya(w) = C dabw?
x2 - T (wg _ w2)2 + 4(12(.412 (35)
2
_ 0.03927 . 80w (kN2s)

314 (50 — w?)? 4 40w?
The modulation function has the form
g(t) — d(e—plt _ e—pzt) — 4.0(6_0'0995t _ 6—0.19915) (36)

When the excitation PSD is a white noise expressed by Eq. (34) afitH00.0 or 7" = 1.0, without or with time-
lags between the excitations, the displacement standard deviations computed by PEM are shown in Figs 2(a)—(b).
Such standard deviations are also computed using Monte-Carlo simulation method, with 4000 sampl€s),
wy, = 100.0, N = 2000; and the results are also shown in Figs 2(a)—(b). Clearly, these two methods give quite
close results. Whefi' = 0.0, the maximum difference is less than 3.0%, and wier 1.0 the errors are mostly
within 5.0%, the maximum is 7.0%. As the PEM is an accurate method for linear systems, the errors come from the
linearization of the nonlinear system.

When using Eg. (34) as the PSD of both excitations, Fig. 3 gives the comparison of the two metfHodsdot,
1.0 and 1.6. It is shown that for all cases, the two methods give quite close results; it is also shown that the
non-stationary responses of the nonlinear system rely heavily on the tirfie lag
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Fig. 3. Displacement standard deviation comparison for different time lags.

0.08
‘
0.07 [
U)’z
0.0 [
T
O
T .05 f
&
8
S oo |
©
ke) g A
8 o f
&
3

0.02 |
+ Monte-Carlo
0.01 [ —PEM
@ L L | RS S R L L | - L
0 5 10 15 20 25

Time(s)

Fig. 4. Displacement standard deviation for non white spectrum and tinig tagl .6 s.

The PSD form of Eq. (35) is somewhat similar to a wind-gust spectrum. Under this excitation arid with6,
the responses due to the two methods still meet quite well, as shown in Fig. 4.

For this exampley; = pe = 0.05 represents rather strong non-linearity. In fact, for the corresponding linear
system, i.e.fop; = s = 0.0, the eigenvalues of the system &g, w?) = (50.0, 300.0)1/s~2for 1 = pe = 0.05
and with stationary excitations, the eigenvalues of the equivalent linear systemare?) = (61.4,368.7), the
increments are both about 23%.

Example 2. Five DOF Duffing System

Consider a 5 DOF shear type Duffing system as shown in Fig. 1, subjected to seismic evolutionary random
excitations, Its parameters ane; = mo = 3000.0 kg, ms = my = 2000.0 kg, ms = 1500 kg, k1 = ko =
500.0 KN/m, k3 = k4 = 400.0 KN/m, k5 = 300.0 KN/m, p1; = 0.15(i = 1,2,3,4,5); [C] = 0.014[K] s. The ground
acceleration PSD takes the following Kanai-Tajimi filtered white noise spectrum

4 2 2 2
wg+4 Waw

So (37)
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Fig. 5. Displacement standard deviationsddb DOF system due to seismic Kanai-Tajimi spectrum.

with w, = 5.0s71, ¢, = 0.5, Sy = 0.25 m?s~3. The modulation function has the following form

Io(%)2 0<t<ty
9(t) =4 lo t <t <ty (38)
I()eic(titz) t>to

with Iy =1.0,t; =4.0s,t5 = 18.0s,c = 0.18.

The standard deviation curves of the non-stationary displacement responses are computed using PEM and Monte-
Carlo method with 1000 samples; = 0.0, w,, = 50.0, N = 2000, respectively. And the results are both shown in
Fig. 5. Once again, It is found that the results from PEM agree well with those from Monte-Carlo simulation. The
differences are all within 6%. The first eigenvalue of the structure is 19.1}L(fer 0) and 23.79 (fop; = 0.15)
respectively, the difference is 11%, which also signifies a rather strong nonlinear characteristics. Figure 5 also
shows that the maximum difference, about 6%, takes place in the strong excitation region. This phenomenon shows
that stronger excitations will lead to stronger non-linearity, and so more severe errors will take place due to the
equivalent linearization. It should be noted that in essence the proposed method does not apply to problems with
strong non-linearity.

6. Conclusions

The pseudo excitation method [12—15] is extended to the analysis of non-stationary random responses of nonlinear
structures. Duffing models are used in the given examples for computational simplicity. In fact, the proposed method
is quite general, for instance it can also deal with structures with nonlinear hysteretic damping [16]. This method
not only has good precision, but also has high computational efficiency, especially for structures with many degrees
of freedom. Its implementation is also rather convenient.
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